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[Abstract]

image processing technology has matured and been widely

In recent years, artificial intelligence (AI)

applied in stomatology, significantly advancing the field. This
article systematically reviews its research and application
progress, covering fundamental theories, key technologies, and
clinical practices. Based on explanations of technologies
including deep learning and machine learning, it focuses on
analyzing specific applications across various dental images and
discusses future directions, potential value, and associated
ethical and legal challenges. To achieve more extensive and
reliable clinical applications, key issues remain to be addressed.
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